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- AWA, TAEE S 93 =34, , KDI ARATAIEZR, 2023-09
2023

- AR, Tl QY B ARLE 9T AAWY, , BRA 9, [AFE A

A7l &84 82 9% T A7, KDL 975314, 2024-04, 2024

WA, UE SR AR AT, AR 9, 2005 ATRIA: T
AT ko] 20t ; , HE=T]iQIT-AT-Y, 2025.

- Kim, MinSub. 2026. “Marriage and Child Penalties: Evidence from South
Korea.” KDI Journal of Economic Policy 48(1): 63-94.
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- W3 A& The Evolution of Marriage and Child Penalties: Evidence

from a Rapidly Developed Economy
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[06:00~09:35(F A A 7H)] VA (ICN) — HEFHEHATL) & ©lF

[09:35~12:00] N ETE & — =th3] A4 (Emory University
Conference Hotel)©|&

[13:00~18:00] HEAE ZA = AA 9]

6.4(5)

[09:30-11:00] ¥*HE 73] ZH4A): Blackwell-Robinson Lecture I "Usi
ng Al to analyze sequence data in economics: Methods fo
r causal inference, decompositions, and treatment effect he
terogeneity" by Susan Athey (Standford University)

[12:00-13:30] W& 74 FA: Blackwell-Robinson Lecture II by
Susan Athey (Standford University)

[13:45-15:15] St=AMA 34 9 #3E: Place-Based R&D Policy, Fo
reign Aid, and Gender Labor-Market Outcomes

[15:30-17:00] St<=Al4 4. Higher Education, School Choice, an
d Affirmative Action

[08:30-10:00] W'HE 72 F4: Blackwell-Robinson Lecture III by
Susan Athey (Standford University)

[10:30-12:00] &<=AA %F4: Innovation, R&D Collaboration, and
Talent Hoarding

[13:30-15:00] 8t<=AlA A Policy Evaluation, Place-Based Trans
fers, and Transit Subsidies

[15:30~17:00] &<=AA %+4): Small Business Finance, Labor Mark

et Power, and Innovation
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[10:30-12:00] St=AMA FA: Technology, Education, and Inequalit

y
[13:30-15:00] &<=Al4 FA]: Causal Panels, Synthetic Controls, a

nd Switchback Designs / Statistical Decision Theory, Empi

0.6(E) rical Bayes, and DID Estimation
[15:30~17:00] &<=AlA 34]: Education, Intergenerational Effects,
and Credentials
[18:00~20:00] $+w] 74 A &3] (Korea America Economic Association;
KAEA) 2te3] 34
[08:30-10:00] St<=AlAd FA: Synthetic IV, Triple Differences, and
Policy Learning
6.7(%) [10:30-12:00] St<=AlA 34 Local Governance, Regional Develop
ment, and Place Effects
[13:00-17:00] =AM #4d A5 A L A9 wiF
68(2)~ [07:oo~09:00]_ sS4 — JETEHATL) 3% °lF
6.9(3H [11:35(8<, HAIAIZN~15:55(9Y, FF=AIZH] HETEHATL) — <

I 2= us

1. BAS Ad5E4 PHEEY HAAH 10 AFTAFA)= °l&T
&2 ©°o|H(sequence data) &4

[ <

Al: 2026. 6. 4. (), 09:30~13:30; 2026. 6. 5. (), 08:30~10:00

[J &4 A4 Blackwell-Robinson Lecture "Using Al to analyze sequence

data in economics: Methods for causal inference, decompositions, and

treatment effect heterogeneity"

[J Susan Athey (Standford University)®] W'H& 79 F4: Blackwell-Rob

inson Lecture "Using Al to analyze sequence data in economics: Meth

ods for causal inference, decompositions, and treatment effect heteroge
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[1 79 FA: CAREER Rd& FHog 3 A5 AHE AlY &7

L7 3 A7 w7
o A7 &3
- AFAATY 1A FAC: A8 de AAh)E AALAE AEANEE
H Z2d)e} AFE(Causal Inference) WHES ZASS T3l 23t
A g
- B33 v g AJAH 2 HlolE (Sequence Data)E AHsHA U B4
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A 2FH 4= H 2] /omitted variable bias<]
:I

5
227} BeA quAe SxT 2

P skgol 22l dHeleY A3 ZE7F B HolH ¢ tHEHEE,
ZdF #3(Conditional Distributions)’} &3] FAMSIOHH Fx23
EAd<= TFste W w99

71E At A4E AR HH(OLS, Lasso &) Ao} HIm S
uj, AZ 9 AAA S (Out-of-sample R)E 0429014 0522 tfZ A4
ANFHLH, ol AY olg AAE 7 flo] 243 ®Ygs g1,

- SAtHo® A4 %]:L 7554 23 LAl &34 (Unconfoundednes
a5 B AA

, B2k A9 olg e EA MeAY o

Elue 5 i
Ao s ¥ F A+

AZ+g} (Visualization): B33 Al =& 4% A 7hsskAl THE7)
e, 39 UF-(regression trees) H+ Q1F} UH-(causal trees)E Ab&
stof dwlgo]l A3 "Aekd ﬂ-’?%"% N zsted A A
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[Z29 1] Susan Athey 9 7+ & 2 W&

Z~: Susan Athey9] 7}

[] Susan Athey®] #&H AT

0 Keyon Vafa, Susan Athey, & David Blei, Estimating wage disparities
using foundation models, PNAS 122 (22) e2427298122, https://doi.or
g/10.1073/ pnas.2427298122 (2025). https:/ /www.pnas.org/doi/10.1073
/pnas.2427298122

0 Keyon Vafa, Emil Palikot, Tianyu Du, Ayush Kanodia, Susan Athey,
and David M. Blei. CAREER: A Foundation Model for Labor Sequen
ce Data. Transactions on Machine Learning Research, 2024. https://o
penreview.net/forum?id=4i1IMXHS8Sle https://openreview.net/pdf?id=
4i1MXHS8Sle

O Susan Athey, Herman Brunborg, Tianyu Du, Ayush Kanodia, and Ke
yon Vafa. LABOR-LLM: Language-Based Occupational Representation
s with Large Language Models. arXiv preprint arXiv:2406.17972, 202
6. https:/ /arxiv.org/abs/2406.17972
O =) A AT 3ol

o I BHATNME obF AdFA AN EE&T HA WRES T



AFEH o] TJUFHA Fe Ao Z Hols W, AA| A 2 740 A
= 4 AFAS 2 8 s iR E HolHE 83 A7 sl
Ha A
- FoollA g8 B4 AR AAE JEH dFAA Bl olv £
2 AYAF7F FHE AdFHA =54AE Eoke] AT FAolY, <
FAS 71Es ol &3 BAS T V€ dFete ApEstE AEE A
do] st AAA o F AF

o I HolHE %‘-5_'*3] 83 4 Jtbd, Susan Athey W7} A A g
WS mel 93 CAREER 229 53 $&8& A3 & + 9
o Aoz Wy,

- el = AFER], FE ol ¢33y, JIZFE 5 Wt 9 FFY g
Bl HCE] 0474] ZAFo] B3R dom, AR o|HA To|E 7}t

O FF @ Wzt o]HA HIolHE 5T & AoH, oA AE g+
=38 CAREER EE2 /& 4= Qlom, o5 o]l HAE U+ 4
2 B3l BEAS v E3 gkt 58 AFE 53 7= AAT E4 6
HOoE O E F QY XU EM3 HAA o] A|F 7ts

2. A AFEA HHEY HAHA 2: o|FAHE(Difference-in-D
ifferences: DID) W &9 &3

(] & Al: 2026. 6. 4. (&), 09:30~13:30; 2026. 6. 5. (=), 08:30~10:00

[] Pedro H. C. Sant’Anna (Emory Unversity)®} Brantly Callaway (Univer
sity of Georgia) w9 WHE =& TxE A FH

0 Pedro H. C. Sant Anna+ # St=dl3 & 7f#3 olxg] tistu e w<r
o|H, Brantly Callaway) ZA|o} thstw et 74 HT AlZFEAS
2 QA7FE(Causal Inference) &oFollA 71 FHER= A%a A5

9.
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O

T ouee 53 AF 5y g 240 7HE de 2ol AFAFE R
Ml o] F 22 (Difference-in-Differences, DiD) W'HE9] ditid<l &
M-S olEL UE.

Causal Panels, Synthetic Controls, and Switchback Designs

- 69 6Y(E), 13:30~15:00

o

Statistical Decision Theory, Empirical Bayes, and DID Estimation

- 69 6Y(E), 13:30~15:00

o

#] A4 (Causal Panels, Synthetic Controls, and Switchback Designs)
I A A7 i E o, WREE Mol JhHA FHA

Synthetic IV, Triple Differences, and Policy Learning

- 69 79(Y), 08:30~10:00

[] %3 1: Beyond Parallel Trends: An Identification-Strategy-Robust App
roach to Causal Inference with Panel Data (by Brantly Callaway, Univ

ersity of Georgia)

o

Brantly Callaway (University of Georgia), Derek Dyal (University of
Georgia), Pedro Sant’Anna (Emory University), Emmanuel Tsyawo
(University of Alabama)®] =< gk L%

o] FAEHL g dlolE(panel data)E &3 AFFE A<

Wrgolw, lyEy AEE A% AW TP o= A HA Fd(treated gr

oup)¥} HlA 3 T(comparison group) 1te] 3 & 547} (Parallel trend

s assumption)°l ¢|&3t

ol FaHEH 2 Bl HxhshA| il FAFATIE S WIET A4 A
H

M= vad dests dold de FAsE 33 P, u

_'I'I_



oF HAFATIHO ARy o BANAE AFAE I oL

of B33t
o B =F2 7d do]E(panel data)E &3 AAFE NEZE HE
HS AL
- olFAHEH T 719 JAAFE B2 AHA Hd(treated group)dt H

2 T (comparison group) Atole] EAjdt= AZEHA RS o] F A (un
observed heterogeneity) =39 xto]l& ZAst7] sl s HlolH &
A&

- Wt o] =FolAE AR A 71xte] A I (pre-treatment outcomes) =
Ao A AA A3 FARRE AR Hlal ] H(close comparison groups)’
= 2= H #d dolHE &8s, A & ]7}(post—treatment peri
ods) &< A A Hee] Ao} o] FA vl JHEE59 23S Hluw

* A A 7|13 A I (pre-treatment outcomes)oll H}ES}HA -;T/\} H]
s ST HolA 8 FA Y H (Synthetic Controls Method)
I FARRE ofolrjol 2 o] 3.

(o7

o o] HITHE A¥ A 71 A (identification-strategy-robust) .

- o] AW (difference-in-differences), ¥ 3} xHE-H (change-in-changes), Al
2 A A5 FE54 (lagged outcome unconfoundedness)S Bl %
st M=z FHEA Fi(nonnested) 2] THE 3ijd dHoly A
A stAME Hx el B A2 EFH(ATT, Average Treatment

Effect on the Treated)E 28

oa

1o Fekol] A= Azt
=t= 7Hd o vi"

{F 54 (time homogeneity) 7}4: o|@ H]
= I e

of we} A7} AAZHOE MR

o

o o] A HFL AF AA(research design) SHOlA T B2 87
AR Rl o]l EAIEHAY (2) A sl AYSior k=
Aol 7= <=d, o] F & EF "R &9 Hd dHoly <

8
BEE ATHAAE 2THA 2 a9,

[J & 2: Orthogonalized Synthetic Controls (by Joseph Fry, Rutgers Un

iversity)
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4 FA WY (Synthetic Control Method, SCM)2 A& (A =])e] A&

T2 st 24 o Al 58 =7 F)oll disll, A&

B oY v tdEY VtE Hie 2Fek 7MY A Ae(
A Ad)e == JAAFE 7.

o o 2w 3 o ot
oﬁ:&

A A =
7VSAE AARBTOEHN, T Hla o] EAEA] A= T
A el el = AHT 4 A+ 9AE A A 3 (Counterfactual o

AH olF T A% zre] A zol® wlmste] P Aol A
ol g

4 BA 4 ZF(Synthetic Control Estimator)e AF&3t *32 Ho
o B AX AHATT)Ol e F2& £ o, 54 Jdo 75
| W ¥|(vector of control weights)v= €& 4| < (nuisance param
eter) = ZH-&

o] BojrF= &3] Aeko] 7Rl Jir, 112k (high-dimensional)©]
o, AAlo] #A4 thdd ATT7F A28 (point-identified) = & 3ol A]

Zx2 BEA o 29 A (partially identified)E + U=
%LOHE_—’W 7}75_1 o] iﬂ A 7};<] Exo 7]7~ T= bﬂ—lﬁiﬁ_ /\]._Q:Eﬂ-

e rfe

o] WHELS WA 2"¥H(identification)< °o]F LA} =3} H'DE (re
gularization penalty)E AH&3st] FA 7153 2 7EF FojRFE F
A3 o, AR thsl Auste A& 27 (orthogonalized mome
nt conditions)& Ab&3te] Hd A2 &4E F74

yolrt 11 3 &3} (fixed-smoothing) -

k
ot
o
r2
-
ith
i)
il
o
ot
o
ol
£

U2 FF2 X (consistent standard errors %2
T 7Y A7(size)E AAT F = HAH VIHE AT

2
ko
-
ol
ol
X



sufficient conditions)= A|Al38la, =7 W (instrumental variables)&
E AT AAE 3l °lE AF

[] &3 3: It's About Time (Series): A Simple Correction for Difference-In
-Differences Estimators (by Gary Cornwall)

0 Gary Cornwall?} Scott Wentland (]’ U.S. Bureau of Economic Ana
lysis; BEA)| =<oll the %

T AT AAlA o], AAIE S A7) (serial corr

o] atge] FHA wEo] oty FHHF AA|o] AIALA
o=

=

; first-order model misspecification)ol| 4] H]

o ¥ A= olgt A2 AAIEH EAVE AE Ay, AEFH
ANl 7} (parallel trends assumption)%F
=SEstta 4
- 2713 o) olFaE 2¥

248 AA &

gl
i)
"
1> i
i o
ﬁoﬂ
k
i
gl
A
My T
AU
X
5
5y
z
it

o3

o oldel FAE wAHsH] 93, B A= 54 ¢ L(dynamlc panels)
| S0l o] TAHEW L A JHgo] WA FAHHoF d=A

i A GAANA A FE5A (temporal dependence)<
2 1T EN FH2o = 73 (dynamically-robust) 178 gk

o Yo}zl B ¥ (Monte Carlo simulations)s F3l ©]FXHE: AAo 4
€8 7 e & A7 e 528e We F F R AF 9
AE AA

-7 7 A dAdAAE A2 2dAA A" " F4(policy shoc
K= &8s, 719 4Al& Al (credit constraints)©] F(state) T <
GDP A& % = A" Foe 59 A3 Hed mAs 4% A
7t

- Bdo| Az A3 ¥ (lagged outcome)ot HT I G A&
interaction)= Z&3sl= AAH o]EF o2 EEH 1UHd FALS o

FAE myol] g o, 4% Ao] H(bias)o]
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o A o]lFAE W (Synthetic DiD)elW &4 &4 A ®H 2 (Synthetic
Control Methods)Zxt% ©] =FdlA A7g AlAIEe] 2743 A4
£ o843 sidstA XIdve He A

- A3 ol EAske AREA FHEAS s HeiAE o R E
AAl ARH w3 (Pre-whitening)$F 22 AN 8 Aol Ha

* AP A AJAE ool A AT ARy FAE v AlASE
Y3 34

lll

rl

[] 23 4: Efficient Difference-in-Differences and Event Study Estimators
(by Pedro H. C. Sant’Anna)

o B =2 wi/iTd g FHo gk 714 (parametric functional fo
rm assumptions) $1°], A= A|H e thgA (variation in treatment timi
ng)< & &3t o|dA A X &I (heterogeneous treatment effect) Z#|
A= WellA, g2 3id dlo]EAl(short panel data sets)s €83 &
42 o]FAHEH(DID) ¥ A A7+ (Event Study, ES) FAHHES A A

r
|\

7bed Hasol gk 22 =317 AE A 2F(sequential condit
ional moment restrictions)= AF&3t o]F xR HAH Ay Zd(p
otential outcome model)¥ &3 SAHIE A FstH, o]E T olF
AHER Y] A THgo] dWA o2 Hl R B A A o (nonparamet

ric overidentification restrictions)< 32|3

=
30
oo
o
=1
)

o yolrt &3] FyEH= By FA 7Y stolA ol B ARIA
B0 23 detu|go g R4 §87 Y3k EL/‘(EIF semipar
ametric efficient influence function)E ¥4} & (closed form)o = ==

- o] EIF& A5 = Yol¥ A uwA(Neyman orthogonal)e THE3slH, o
SAEY B ARAA 24 detvE e BE A HT At (regular, asy
mptotically normal) 8% FolA 714 22 E4H(smallest variance)
= 7H.

=
/\ﬁﬁ—(small samples)o AAE FEL

_'?L

t
F
:

il

A&
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b 2% FoA AHTEHE 97 A8 A= 02 4H1 A 710
-treatment periods)¥ Hlnl F T (comparison groups)= S1EA HAH L
2 ZgloF st=A A=

- Ay By oldd Eo4 3 (Calibrated simulations)? AFEAS T3 £

At a&H FAHTF] 73 FE(finite samples)oll A A& A

= °]
¢l AUE & (substantial precision gains)< o] FolHE UF

a

: Brantly Callaway 24(21%)Q} Pedro Sant'Anna n<(Q22)0] v

[] 23 5: Better Understanding Triple Differences Estimators (by Marcel
o Ortiz-Villavicencio)

© Marcelo Ortiz-Villavicencio®} Pedro H. C. Sant'Anna (°]’¢ Emory U
niversity)e] Ao Wik Ex

o AtF A2 W (Triple Differences, DDD) A+ AAl& oS AW (DiD

) &
AolA 875 += B3 FAH 7FA(parallel trends assumptions)s $+3}
st7] flell AS ATolA de] ARREH A+

dwHow FaEA s He AF

o TEIF HX Aol Al thF Al (staggered adoption) $H7 ol A+,



THEFESE TAY 2oVl gle AFEAZGgE ol AHAE

o = ] -
BE @9l (not-yet-treated units)E 3] Bl %ﬂ‘%_‘rgoi :
st &% olFAHE #so] FrEAQl HF(bias)s FLE

lez!

= S AT A=l oES AV,
ool HHL &Y AFZI A5 A
e &+ FA F(estimators)e] 84 -,%

o kA L A= THPC] =AHE 4SAE A FA VP selA =
Fade FAstE 34 X% (regression adjustment), J3& 7}?744(‘1;1
ar = L .
verse probability weighting), 12|31l ©]% 7% (doubly robust) 578 2
= st

- o= v AR Al B B HHRE :

7] s o8 Hlal fge a3 FFot= WRlS AlA

» = 72 E B3 &< 7
6 Ho /‘]fﬂ(Simulations)" /‘ﬂ 7HA AS &4 AAE Tl JJ.L] 44 _1
£ = o= &
= Xé]_‘ﬂq EHH] B B 455 ¥

What do we do inthe paj

Key ta keaways

DDDis Widely used in empirical research, but its Properties have received little attention.

Inits simplest form, it is €quivalent to estimating two separate DiD estimators and subtracting on
from the other,

This equivalence breaks s down when covariates s play an important role in the a nalysis,

We use semiparametric efficiency theory to forward- ~engineering DR DDD estimands and
Circumvent the issues pointed out.

We can leverage these results to tackle staggered treatment setups, too.
However, we need to be careful on how we use the information available.

Z~: Marcelo Ortiz-Villavicencio9] &
& X: Atlanta Event Photography A|&(2%)
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3. AAAT HAA S A Ex 2 HEV AR 75

(] =AM A4 R 3 Place-Based R&D Policy, Foreign Aid, and Ge

nder Labor-Market Outcomes

o @A) KDIYIA A&F ARAT a9l “Lrbd SR o4 =
el 27 A7ARE sEuisolA wEsty, Fuhs BBl AR
5

oK

o YA: 6¥ 4Y(F) 13:45~15:15

o FA 2}k MinSub Kim (KDI), Lin Yang (Hong Kong Polytechnic Unive
rsity), Jingyue Tang (Shanghai Jiao Tong University), David Ong (Pe
king University), Hyunkyeong Lim (University of Wisconsin-Madiso

n), Jaepil Lee (Korea Institute for International Economic Policy) £

o Aol WA
- AEA 18t A&ow ke wHel AhsATe) Bart o9
Hol 9lee AP uw, M A FRE ML oIy AALE
Ho]2 374 o ,d_g_/\%o] o=

L 2E ole@ ogele Seel maydE Brew,
B AR ool o718

- RAY old xE FRY ZE )

nﬂ

A o4

Jo

[..
Jat
d
d

e + e d7Hd " A
EH O T SolFA I Folr] ZEALT @F o] Yo, FHox o
d xEda SHAAAE olHd AR s daAde vA .

- FH2 At A dAY JdtoEA AU oYy AAo] SolFA
= SHCE I FuEAeH, old Tk a3 Hriet 5 A
g B0l gk AIHA.

- B dA A7 R A il 80 FRb~o0d T IS ETL
dstal =, AR A7 FAY A4 e AR A3 sE(EA
H'2H; child penalty)= B3] S8 LAl A7|H.

o EAHIHE oA TEAVE E4HS JYFo RN E7|E ok st 713
H-E 5 783 S A83d434 2245 F)olH, A& dA
o 47 U9 VhsAE SAHY 7 e A=
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2AHEHA g g A7 23 AR SHEH Ao (F2E|, 202
0; Yoo and Lee, 2020; Park, 2021; Kim and Hahn, 2022; ZA%A, 202

3; Hwang and Yoo, 2025; Kim, 2025), @A A& ¥ A= 80 dl
TH~90E A ZSEo| HFT FA4o] FAst AA s Had
71Z2AR7F FARE 3

TEuete] 24 HldHe O Y A7) SHAA ZSER-E Zolvt
e Ao = YEh(Hwang and Yoo, 2025; Kim, 2025), & I3 E
g o= 3 B4 g

] A Y] Aol FobFZ 7|zt g A RAFHIEE I HASHA
2= AHEl7F RaE vk 1= (Kleven et al., 2024).

r2
-

A H4 T ARE o] §ke] Fiol I =BAF Hsto)

JHLAAGE)S FHSL, A2 A HE APy

£ H wEERY SRl BATO A, AT A
5] L

o]
235t7] 98 9714 oY AHAe] kA

=
2

2
o

= o
2
ko
i)
X

[0}

Kleven, Landais, Sggaard(2019)%] AbdAF &4 W (event study)ell ™
2} 24 #'2H(child penalty) 74

Ho ZZEEEH FRE~0ATA) M= A EEHT Frod aE
2 AFHEF, o]F 1H3H Kleven et al.(2025)9] = wet &
HEE et A& e E &4 +4

= 20 =wl+ Y A=t +2Ma age,, +Eé lk=yl+e,,
[#=—1 j=—1
i: NS, y: D=, t: childbirth event time, w: marriage event time,
I'j=w): AE&E& AHOZ 3= AHA HH| M4, ager 9
}/: il“:_‘:l.r ?Z]l%r ‘A H O:l‘l?_‘r ELE}\]Z_}__ J(_:):-/ [ E]U] 1__—/[:
o
=

A (event) O 2 3HE= ALAAF TlH| WS
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AET} AR
B A7} =
] =

71

slof u}

David Ong (Peking University)¥ Jue Wang (University of lowa)< %
= Hd e 28l Hold fACIE T 3 3ol ddE 2= 4
3 (Field Experiment)= %3ll, A4 {7t dojyr] H(ex-ante) HI-$-AF
o xS0 UF ABE(AS gEe] 4d ol =3

Ong, David and Jue Wang, Income attraction: An online dating field
experiment, Journal of Economic Behavior & Organization, Volume 1
11, March 2015, Pages 13 - 22.

A5 AAAAVE de ASEHA Z& 8<% (unobserved factors)E°|
=S ZHte® A8 JhsAds wiAlsty] 98, v-2l= 360782 T}
dEZEF A5 F 29l 2 dF(randomly assigned)

FIAEE A A 23 s AA, o] ==
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A9 dAe =BAY 4 Folst tha BASA 2e AOT Rol
W, ol mASAE el A4 /e FAFA b 4ol Bl
et A8 F Qe BEY

- F7 BA ATAE 4 34 24y 958 ngEve 9¥E 1
AEA} BEAHASAE B8 oF2ke] ARFAT} o} g

- ol @ AHFAE FHOoE SMEE I T

magmtude)ﬂ- AR+ &

S v g Rambachan and Roth (2023, RES)7} AAIg AP FA HXE
E ALt Weks 1 E S e

* Ashesh Rambachan, Jonathan Roth, A More Credible Approach to Pa
rallel Trends, The Review of Economic Studies, Volume 90, Issue 5,

October 2023, Pages 2555 - 2591.

- @9 mAddE 2AAs g AEAQE ] F9 AE olde] o3
3ol wBAY ATt FHE FA JoBE, ool AnF
Ar ERe TH BH] U2 A5Hol AVHE WEF, EE THo

71]E 2 A (Place-based policies)¥ &4l (Innovatio
Az 3 A7 g EEHo|, o3 A=A

A AT AN AFL olF; Yee @

ﬁ—{w

]_

O Place-Based R&D Policy, Foreign Aid, and Gender Labor-Market Out
comes: 6.4(%) 13:45-15:15

0 Innovation, R&D Collaboration, and Talent Hoarding: 6.5(=) 10:30-1
2:00

O Policy Evaluation, Place-Based Transfers, and Transit Subsidies: 6.5
(=) 13:30-15:00

O Small Business Finance, Labor Market Power, and Innovation: 6.5(%=)
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o

O

15:30~17:00
Technology, Education, and Inequality: 6.6(%) 10:30-12:00

Local Governance, Regional Development, and Place Effects: 6.7(¥) 1
0:30-12:00

[ F8 9+ W&

O

*

Place-based Policies, R&D Misallocation and Innovation

Qinshu Xue, Jinyue Tang, Shougui Luo®] A7

2 =2 A4 7|6 4 A A (place-based industrial policies)©] &=
o] 774 (development zones) W 7|4 413 2 HjiEo] H| X
= 9% 743

2008 F-E 2018 A7k A 9] Adsto]l #Hetr7|=71d wAlH ©] Bl (microdata)
()
AT 27 7149 53 2d3 AT7NER&D) FAE S/
1}

TG AU Reay Hokd AMd X grx2/aAA) = 7Yl
A] 3=

'EH] 7 (REA Q] Ador dRsts AN @2 7)ol € FE
o ZIAAINE B, ole@ F9 AUBS $AH 3FEHnegativ
e spillovers)& &

AT oA FHl 7192 HlTo] wokA™E R&D HEF0] = (cro
wd out)H o] HAHR 714, 53] 9F I8l ¢ FA «]—1’_—'3]'—‘5 z7]
9A 714l HAas A=

443 A gEe EUste NETY o4 =XE E8st] 243
A, A2 Jide] F4H 7| B S Eolal gAls Asehe &<l
AT Ashe Fa 1% AU Wl FUHHE o o) 94 3

The Rising Returns to R&D: Ideas are not getting harder to find
Yoshiki Ando, James Bessen, Xiupeng Wang®|
Bloom et al. (2020, AER)< HIE3 7|&Ee] AALAE

AAZE A FE AEZR ofo|r oS AT oH Y Aew o
afstal U+

Bloom, Nicholas, Charles I. Jones, John Van Reenen, and Michael We
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bb. 2020. “Are Ideas Getting Harder to Find?” American Economic
Review 110(4): 1104-44.
a7 AFNER&D) FAH=E AaskAl 43Sl
regate productivity) 482 A

= w7 HA o oH A
2 =2 s gAEARS(US Census Bureau)-‘l] ] Al Eﬂ 1E1

o 1976158 2018 d7bA] Az Fof R&DeF A4 1he) fAS
=

E£F A A WA (knowledge production function) Eds 283 4
3}, R&D7} A& v X = A EF(marginal effect)?} R&D2|] 3
A 5+2](gross marginal returns)< 543 4%

a8 ol AAAEY R&D HA B &#F o] HIYE orlsiH, A
FHo=z ME 7ol BFS AR o g 7 F-3}E(obsolescence
rate) S =Y.

2 d7E 7199 A Aol (Romer (1990)8] &AM A H) R&D
A=Y 2 AA S FFo] ofyg, 'R&D AHE 2E(stock) o] A4 g
A Jdstttal %

A7-8Fgo] FobAH R&D AE8 2ol =#A1, o= 3
of T3k R&D2] 7| =E "ojEgn Ao +=8S GSA3Y Y

Evidence on Firm-to-Firm R&D Collaboration Intensity
Sinjeong Kim®] A7

719 % R&D & ¥ (collaboration)?] H3 o AL o, 7=
o3 FY ZRAEJ ¥ B AHIIES FUstL S

olgiRt FAlo= E7etal, EY HxEgdd e 7€ A4 89 A
% (intensity) Bth= @ o] 'E] A Ro F2 2HE &

B =ZdAMe 7I1del R&D @8 HEY, 7 9o A=, 123 R&D

SA FEE BFOE AP DIE
d8 A= oldA (heterogeneity) e LHst= A2 HH HEg H7

(optimal subsidy design)®] 34

X
=

Ol

WFe E3 8 87 dolHE B8 B4 A3 WY JES 2
(median) PRl A E4ak ol 4o = o WY WSS 3% Zrt
A gk, 712 H A (technological complementarities) @ = 13F ¥ 2]
120) o] Z7ksHE Ao Lpehd,

WAL 2 B4 (Counterfactual analysis)oll W=, 2609 22 w7
AgE FHE A4 st Ee @Yo dEXCE HEags AFe
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— ART 3145 Y& FZH I (targeting)st] A Pst= Aol T H &
&4

Talent Hoarding and Upstream Innovation: Labor Market Distortions
by Large Incumbents
Shaolong Wu, Zefan Qian®] 17

ATAE: d dZIdE1E AlE 714, incumbents) S-S T A
Ae FTEO 4§ B2 HHT AT AH(frontier researchers)
7}?
A9 A A7 el A A% Sl Ak 3

o
ik

ki
gfg%
FIF

tn & o
o og g e

i é o flo

¥ (static stylized model)S T3
—?LX} o =¥ dA AF FE
3423 =54 0}‘34 ATAEY k¥l
H3IA 7] 7] w ol A4t *Le(upstream, A
A A o] F7](hoarding) @Fo] AA 2= A LAY
o] AFM&AY A4 TAloA 9] =F Ao} F7](labo
r hoarding)E W& 7€ A7 28, £ =39 zZHdsas 47

o
=

2w Mo 4n R

10
>
mlo mﬁ

e oX

(0]

r K
o
=
>
& Lo

2
=
=
(i3
i
2

¢

77
T 9;1—1:—}]% B3] HoFw, AF AL mad(r=4 oled) &
ol fluet® ASlH A &4 (welfare losses)?] AT = IS
T
olglgt A NA WrHLS v Al 7HA HAYEES Sl A¥ IF=
Bfete Ao 82 AFAE =3 3-8 (over-hire)
71&2 B34 ‘8]—01]/H9] 2l E'i/\d(real-optlon) T8 BE oy T

preemp’ave hlrmg) A AFAES AAH R 1831
ALY HAl A7Fe oF3t

>,
2
X
k1
op

A3 Bt A (implementation asymmetry) koA e AMEL A4l A
sl gl gFo] AXES 71E FH Ad(legacy line)S FH2](cannibali
ze)d T Y= oA olF FAB] 3] A4S WA

otk thrIge A7A 2L AAE ISA H AT Aed
SE2 20|z E3HA = AY vl E(misallocate)S X3t AT
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229 AY EdE Al

53] A4 Aol WA dojue Ao, 71l o7 A
o]F7] Y= HID JdA AdFe FE3] LA XA Feo=
A 4= T 9% “3H(learning-by-doing) EIE E3}

The Hidden Catalyst of Firm’s Collaborative Innovation: The Role of
Government-Firm Face-to-Face Interactions

Bin Chong, Tianyu Hou, Qing Liu, Jiayi Zhu® €7

2 dATe T 552 @ 2A W olFEAUARRE FHES tiaf
thE Al2d® 7] Z(cellphone signaling records) Bl o]EJAl< 4] ‘3]—04,
AR A5 7Y A 3He] A 528 (face-to-face interactions)©|
7149 538 F% HE(cocreation)ol] AH FFE v X=X FA}

g A YA AR Z3E oF 2,0005F e AHEAF VES &E
71 7t "¥ & (meeting probabilities)S A 3= A3

4ov

l

ol
1l

s}

T o &
kd

offl 2 4

o] 1% 5712 # 7149 535

of F

o
gl
ol

o] A+ o|F 4k Y FH(cross-industry collaborations), F
Z(weak ties)= T3 FEUA, I8l A8AIQE Fo] opd
(invention patents) ol Al T FE# A A e

il 7%47‘ Ao WEH, JEYHA T4 -r(central network p031t10ns)°ﬂ

Ol
A =
ot rg

2
© ATE AAR det e SUAL U= 242N 2
no Age Az, ARete] AHAA FxAgo] oA 719
qeA P F0g ¢ Aol 0D /\HE% =72 A

Development Zones, Industrial Dynamics, and Regional Economic Gr
owth with Production Networks

Zexi Zhou, Hongsong Zhang®| A

2 A= AL HESAZE 53 FU44= A (input-output linkages)
of G FH3tA, F& 7| 2kd FHo] F=o] k] A2 (industri
al geography)¢} A& A A7) mlA= dFS

—
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1979358 2019@7HA1 ¢ T A 714 5 2 AEF(DZ) B8R
wet 2ZAQ A YIE do]E|(geo-coded data)E T&

O] M7 54 Adae Adste o JAFdeols =6
ML A 4 (DZ-target industries)®] ¥ (downstream) 2 3(
pstream) AFFolA Al4F XYE =21 71E€ 7Y (incumbent firms) 9]
MEs SHAA WE 43

DA Gl AT A G AT 7t

c

| Y (spillover effect)= 4+ F 4 (indus
trial clustering)oll Al HIZH H|& A7+ F I (cost effects)@} T8 QI
¥ ¥ (demand effects)ell 7]<l
3= F= WX 7] Y(private firms

ek ol olsf =

- ERHoR B o, AT A AA BHel AAHoln FHH
G MHom, AT Agose] FFAML ol F MU AT
3 4 e FEAE)F FAT GBS @ Ao BAY.
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